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seconds/sample, batched  seconds/sample, unbatched

Sample Latent Decode Sample Latent Decode

Protpardelle 11.21 - 17.16 -

Multiflow* 231.32 - 277.11 -

ProteinGenerator* 343.32 - 342.28 -
PLAID (100M) 1.64 15.12 27.63 1.07
PLAID (2B) 19.34 15.07 49.03 0.9

Table 1: Ablation results for metrics defined in Section 4.

. Seq. Struct.

Configuration ccTM scTM Ppl. Div. % Div.%
A cosine noise sched. & pred. noise 0.54 0.55 16.97 0.98 0.86
B A + v-diffusion 0.52 0.53 17.37 098 0.89
C A + MinSNR 0.59 0.59 16.76 0.97 (.86
D A 4B + C + sigmoid noise sched. 0.56 .58 16.88 0.92 (.86
E D + self-conditioning 0.70 .65 15.38 0.93 0.76
F E + no cond drop 0.57 0.57 17.28 0.97 (.85
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