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PROCTHOR-10k ARCHITECTHOR AI2-iTHOR

Success (SEL) Success (SPL)
SPOC[6]  IL 57.0 (46.2) PROCTHOR [11]° 677 (49.0) 55.8 (38.3) 70.0 (57.1)
SPOC* IL 60.0 (30.5) SGC [63] 70.8 (48.6) 538 (34.8) 71.4 (59.3)
RGB+ext g pSislIP[6] RL 36.5 (24.5) RGB+ext b odebook [86] 737 (48.4) 58.3 (35.6) 78.4 (23.7)
POLIFORMER  RL 85.5 (61.2) POLIFORMER 82.4 (58.5) 68.3 (45.1) 85.3 (72.7)

RGB SPOC IL 85.0 (61.4) RGB

text+b-box  POLIFORMER  RL 95.5 (71.4) text+b-box  POLIFORMER 90.4 (66.6) 81.9 (55.6) 94.9 (83.5)
RGB+b-box POLIFORMER  RL 92.0 (73.9) RGB+b-box  POLIFORMER 874 (36.2) 85.7 (47.6) 92.1 (78.6)
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